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e Several studies have used differential transcriptomic analysis to catalog gene expression in perturbed

Cone farma conditions, but there are other post-transcriptional regulatory mechanisms may lead to discordant mRNA
M and protein expression levels.
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Figure 2: Even though proteins are translated from the mRNA, the correlation between transcriptome and proteome expressions are often low. Apart from transcript abundance_ é"g&"mﬁm
some experimental limitations, there are other biological factors that can lead in observing discordant behavior between protein and transcript expression.
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Figure 1: The workflow takes the MS/MS data and RNASeq data to calculate the protein and transcript expression respectively and then provide
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- We have used protein iTRAQ labeled quantitation ratios from the ProteinPilot results and FPKM ratios from
Cuffdiff (after using HISAT2, Stringtie) to correlate the protein and mRNA expression.




